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Goodfellow, I., Pouget-Abadie, J., Mirza, M., Xu, B., Warde-Farley, D., Ozair, S., Courville, A. and Bengio, Y.

Generative adversarial networks. Communications of the ACM, 2020, 63(11), pp.139-144. (The original version of this

paper is entitled “Generative Adversarial Networks” and was published in Advances in Neural Information Processing
Systems 27 (NIPS 2014).) (#;1£202653823H, google scholar3|F92,614:X)



Generative Adversarial Networks
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An illustration of progress in GAN capabilities over the course of approximately three
years following the introduction of GANSs.



Generative Adversarial Networks
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Generative Adversarial Networks for Faces
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Generative Adversarial Networks

e How to generate complex random variables?
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Generative Adversarial Networks

e How to train the Generative Network?
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Generative Adversarial Networks

e Adversarial Training !
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StyleGAN

e Tero Karras, Samuli Laine, and Timo Aila. 2019. A style-based
generator architecture for generative adversarial networks. In
Proceedings of the IEEE conference on computer vision and pattern
recognition (CVPR). 4401-4410.
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Morphing Sequences
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o Z=EZfA: Sederberg TW, Gao P S, Wang G J, Mu H. 2D shape blending: an intrinsic solution to
the vertex path problem. Computer Graphics, 1993, 27(3):15~18
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a. Withered Arm b. Normal Arm

Linear vertex paths Intrinsic blend
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* Zhang Yuefeng. A fuzzy approach to digital image warping. IEEE
Computer Graphics and Applications, 1996, 16(6):34~41
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More 2D Shape Blending DEMO

More Examples
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More 2D Shape Blending DEMO

Morphing in After Effects
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Transformations of a single triangle. (a) Linear vertex
interpolation. (b-d) An affine map from the source to
the target triangle is computed and factored into
rotational and scale-shear parts. Intermediate
triangles are constructed by linearly interpolating the
angle(s) of rotation, the scaling factors, and the shear
parameter. (b) corresponds to Equation 4; (c) shows
the results of reducing the overall angle of (b) by
subtracting 2Pl from one of the angles; (d)
correspondsto Equation 5 and represents the method
of our choice. The last column in all rows shows plots
of the vertex paths.

Alexa, M., Cohen-Or, D., & Levin, D. (2000, July). As-rigid-as-possible shape interpolation. In Proceedings of the
27th annual conference on Computer graphics and interactive techniques (pp. 157-164).
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The End



